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KEY TAKEAWAYS RESULTS

Search and screening process follows the PRISMA-ScR (Preferred Reporting Items for Systematic Reviews and

 Scoping review about i ico evaluation of clinical usefulness for Artificial Intelligence-based clinical Meta-Analyses)[4] flowchart (Figure 1).
decision support systems. « Across the span from 2013 to 2023, a total of 21 articles were included.

* Common in silico simulation methods are shown in Figure 2.

* Clinical decision-support domains are shown in Figure 3.

Considerations of in silico methods when measuring impact (A) and modeling (B) clinical workflows (Fig 4).
Specific evaluation metrics used by the studies (Figure 5).

* Establishing a classification scheme to give insights into what and how in silico evaluation methods can be
used for different clinical decisions.
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Review Framework

The Arksey and O'Malley framework was the foundation of this scoping review, including (1) identifying the
research question, (2) searching and identifying relevant studies, (3) study selection, (4) data extraction, (5)
collection, summarising, and reporting of findings, and (5) consultation with stakeholders revolved around the
concepts shown in Table 1 [3]. Searched databases include PubMed, Embase, CINAHL, PsycINFO, and
Cochrane, Web of Science, IEEEXplore and Arxiv.
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Figure 5. Specific metrics for impact
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Figure 1. The PRISMA-ScR Flow Chart
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